Normative Modeling of Brain Morphometry Across the Lifespan using CentileBrain: Algorithm Benchmarking and Model Optlmlzatlon
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— BACKGROUND — RESULTS & CONCLUSIONS

* Normative brain modeling has recently been used to derive individual-level deviation in » Results of female participants are presented in this section, and all conclusions can be generalized to males.
quantitative neuroimaging phenotypes.1.23

» Choice of algorithms lacks empirical support from direct comparative benchmarking.
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