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Background

Brain age prediction using machine learning and neuroimaging
techniques has recently gained research momentum, and brain
age has emerged as a promising biomarker of cognitive and
clinical outcomes Iin both healthy and clinical populations. The
currently available brain age prediction models have limited

Results

Figure 3. The performance of brain age models
was evaluated in relation to the sample size,
specifically considering an age range of 30
years. The results presented here were
obtained without applying any site correction

Figure 1. CORR (correlation coefficient between brain predicted
age and chronological age) calculated during the repeated cross-
validation with different age ranges. Each curve represents the
results obtained from a specific site harmonization method.
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